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 Introdução ao aprendizado de máquina 

 Algoritmo Backpropagation 

 Redes Multi-Layer Perceptron 

 Convolutional Neural Network.   

 Recurrent Neural Networks (RNN). 

 VGG Net.   

 Region Based Convolutional Neural Networks (R-CNN).  

 Fully Convolutional Neural Nets e Segmentação semântica 

 GoogLeNet.   

 Unsupervised Learning networks (autoencoders). 

 Transfer Learning. 

 Generative Adversarial networks (GAN). 

 Determinação de erro: Bayesian Learning, Dropout Neural Net 

 Projeto final de curso & journal club 
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