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(…) creating the illusion of punctuality means there’s no 

pressure on airlines to become more efficient.
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Modelo 2: Probabilidade de Atraso



RESULTADOS DA REGRESSÃO

# p<0.25, * p<0.10, ** p<0.05, *** p<0.01

(1)

EXTBLTIME

FUELP (lag) 0.6722***

DENS (lag) 0.2227**

FREQ (lag) -0.3110***

ASIZE (lag) -0.0506***

RWYCONG (lag) -0.0014

SLOTPR (lag) -0.0425***

HHI (lag) -0.0199**

TREND -0.0392***

TREND × QUALREG 0.0309***

TREND × SLOTREG -0.0109***

TREND × ATMREG 0.0039*

PROPDEL (lag) 0.0315**

UNC (lag) 0.1142***

RWYCONG × UNC (lag) 0.0023**

R2 Adj Statistic 0.2942

RMSE Statistic 12.5933

Nr Observations 41,643

Modelo 1: Tempo Extra Programado

(1)

ODDSDEL

DENS 0.2219***

FREQ -0.0303

ASIZE 0.0118

RWYCONG 0.0268***

SLOTPR -0.0014

HHI (endogenous) 0.0016

TREND 0.0096**

TREND × QUALREG -0.0078***

TREND × SLOTREG -0.0039***

TREND × ATMREG -0.0014

PROPDEL 0.6586***

EXTBLTIME -0.1338***

EXTBLTIME × RWYCONG -0.0002

EXTBLTIME × SLOTPR 0.0005***

EXTBLTIME × PROPDEL 0.0011**

R2 Adj Statistic 0.5359

RMSE Statistic 6.4328

Nr Observations 39,450

Modelo 2: Probabilidade de Atraso
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